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CLEAN AIR AS THE NEW PRODUCTIVITY ENGINE

Productivity KPlI Dashboard
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Cognitive Performance Absenteeism Reduction Overall Productivity Gain
Up to 8-10% faster decision-maki iti .
S DU RS e e Lower sick-days in high-air-quality Better cognitive output =1-3%
under clean-air conditions

spaces measurable productivity uplift

Clean indoor air is a direct
Improved comfort > fewer health-related economic asset
interupations

Human Performance lllustration
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Slower decision cycles Higher fatigue measurable Sharper cognitive Improved task
Higher fatigue Lower comfort perception  performance uplift function accuracy

Indoor environmental quality is directly correlated with workplace performance metrics
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Figure 1 - Clean air as a driver of cognitive and economic performance @ | Consulting
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FROM COMPLIANCE TO INTELLIGENCE
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Title:
"Perimeter: "Periodic checks, manual
responses, limited visbility."

Complaint-driven interventions

- = Cost collapse of sensors accelerates shift

PROACTIVE
Title:

"Planned sampling, early
detection, structured review cycles."

Periodic improvements based on scheduled checks

Figure 2 - Evolution of Indoor Air Management Systems
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INTELLIGENCE
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Title:
"Real-time sensing, automated
optimization, continuous learning."

The building learns, anticipates, and
responds automatically
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THE AIR INTELLIGENCE MATURITY CURVE

~_Allli . PREDICTIVE
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Autonomy
Sensor Adoption Milestones

Real-time sensing

';A .. Machine-assisted optimization
I Self-correcting building responses

PROACTIVE

REACTIVE g f
Scheduled sampling

Complaint-driven actions Periodic dlagnostlcs -
. Early detection capability
Limited or no measurement
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Once sensor penetration rises above a threshold,
buildings rapidly transition from manual management
to autonomous air optimization
Figure 3 - S-curve illustrating the evolution to predictive air intelligence ' é% Firstgreen
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WHAT'S DRIVING THE SHIFT TO LIVE AIR SYSTEMS
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Cost Collapse of
Air Sensors

Sensors are now
ultra-low cost
and scalable
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Five Forces Driving the Shift
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Always-On . N | . . DataTransparency
Dashboards Algorithm-Driven HVAC ~ Healthier Workspaces | Revolution
{
. - Employee
Buildings now |Automated air decisions expeEta?c/ions Real-time air visbility
display air data in reduce energy and | redefine workplace is becoming a tenant
real time increase comfort requirement

air standards

Convergence - Live Air Systems

Sensor Cost Decline Curve

High cost, limited adoption

Early deployments begin

| When sensors become
nearly free, air intelligence

. becomes inevitable
2023 Cost collaspe » mass adoption | J

Sensors are nearly zero-cost
inputs

2010 2020 2023 2025 2030

Years
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Figure 4 — Technology and behavioral forces accelerating Live Air Systems | Consulting




THE NEW FOUNDATIONS OF AIRINTELLIGENCE

Continuous Feedback
Enabled

Continuous Feedback Loop Enabled

Air intelligence is built |
on a stack: sensors -
automated responses |
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Figure 5-Foundational layers that enable advanced air intelligence in modern buildings cnnsultmg




Air Data - Insight » Action
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HOW AIR DATA TRANSFORMS BUILDINGS

" ... Sensorlayer
" (Zone-level sensing)

PAN: Distributed mesh

s network
E;.'_fl!.-]ﬂ Data Layer
0 Live data streams
_,l'- —
e Data Layer

&V Live data streams
Timestamped
micro-signals

Insight Layer
» Pattern recognition
Predictive analytics

Action Layer
Pattern
recongntion

Real-time HVAC
Optimization
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L . ;
EE"'-"E Adaptive air response
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Air data transforms buildings
from static environments to
self-learning air ecosystems

Figure 6 — The Air Signrack and how buildings respond through intelligence

.Buildings learn
from every
data point

Raw Data
->Actionable
Intelligence

The Air Signal Stack
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INDIA'S AIR CHALLENGE

Air behaviour is climate-sensitive — strategies must adapt

Temperate

. o = No single strategy fits all Indian climates
Climate variability directly

shapes indoor air stability -

building intelligence must be .
context-driven. @ | Firstgreen

Figure 7 — Climate-specific air behavior patterns across India Conduiting
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Calculate Air Volume
Determine total indoor
volume

Baseline Input for
Purge Duration

THE AIR PURGE CYCLE

Longest Duration and Highest Energy Demand
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Run High-CFM
Ventilation
Force fresh air through

the system
Continuous operation
for several hours/days

*
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Monitor
Conditions
Track Temperature Exit
Ensure Relative
Humidity Stability
Thermal Discomfort

Energy-Intensive Stage

._documentation

S

Replace Air
Filters + Inspect
Track CFM hours,
readings, and filter
changes
Restore complete,
detailed compliance

Traditional purge cycles deliver clean air
only temporarily; without intelligence, air
quality can degrade again within hours.

Figure 8 — Sequential Workflow of the Legacy Air Purge Cycle
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Limitations of Purge
Cycles

Slow process (24-72 hours or
more)

e Very high energy
consumption

¢ Noreal-timeintelligence

¢ Does not prevent spikes in
pest-purge pollutants

. Reactive, not adaptive

— Finalization of Purge Cycle
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THE HIDDEN ENERGY PENALTY
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Legacy Purge Cycle Intelligent Reset Strategy

Cost Breakdown Panel

egacy purge cycles rely on brute force.
Data-driven resets achieve stability with a fraction
of the energy.

Figure 9 - Comparative Energy and Cost Burden of Traditional Purge Cycles
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ABOUT US

Firstgreen Consulting is a leading renewable energy, sustainability, and climate-tech advisory firm
working across India, Asia, Africa, and the Pacific. For over 15 years, we have delivered cutting-
edge work in solar engineering, green buildings, carbon markets, net-zero pathways, blockchain-
enabled analytics, and digital energy innovation. Our team has led gigawatts of solar projects,
over 80 million sq. ft. of green building certifications, and mission-critical climate programs for
governments, multilaterals, and Fortune 500 companies.
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White Town House Web: www.firstgreen.co Mobile: +91 9899295854
Gurgaon, Haryana - 122002
India
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